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Fig. 1 Characters of mutual information in an independent process
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Fig. 2 Characters of mutual information in a linear process
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Fig. 3  Characters of mutual information in nonlinear process
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Fig. 4  Characters of mutual information in air temperature time series
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Fig. 5  Characters of mutual information in anair pressure time series
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Fig. 6 Characters of mutual infformation in a wind speed time series
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Abstract: To reved the statistic inter— dependence hetween different ocean data, this paper puts forth a qualitative
method based on mutual infommation, and uses it to analysis the sea suiface air temperature, air pressure and wind in East
China Sea. Result shows that the method is effective to discriminate linear and nonlinear correlation chamctenstics in a
comparatively long data series, and suitable for analysis of complex ocean data.
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