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Fig. 1 Value component of a typical maritime image
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Marine farsighted target-detection method based on spatial
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Abstract: In visible-light maritime images, the area and characteristics of farsighted targets are not clear and the
image SNRs are low. The existing target-detection method cannot obtain a high recall and low false alarm rate.
Based on the target’s spatial distribution and statistical characteristics in the image, we propose a marine farsighted
target-detection method. In this method, first, the sea—sky line is detected by combining the line and boundary fea-
tures. Then, the Pauta criterion is used to obtain a binary image by separating the suspected target pixel from the
background pixel. Finally, the binary image is morphologically processed and the interference area excluded based
on the positional relationship between the suspected target area and the sea—sky line. Our experimental results in-
dicate that the proposed method has a high recall rate and low false alarm rate, and is relatively robust and effective

in real time.
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