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Fig. 2 Sea level anomaly time seriesof China's offshore waters
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Abstract: Sea level change is characterized by nonlinear, time-varying, and highly uncertain characteristics and it is
difficult to obtain satisfactory forecasts using conventional linear models. Based on a comprehensive analysis of sea
level changes, we applied a least square-neutral network combined method to the short-term forecasting of sea level
change using sea level anomaly (SLA) data. Periodic terms and linear trends in sea level change were fitted and
extrapolated using the least square model, while the forecast of the stochastic residual terms was performed using
the radial basis function (RBF) neural network model. A test of the combined model with different RBF network
structures was carried out in China’s offshore waters using satellite altimetry SLA data Accuracies of 1 month and 3
months’ forecasts were within 0.52 cm and 0.65 cm, respectively. The results prove the reliability of the least
square-neutral network combined model in short-term forecasting of sea level variability; the model has significant

applicability in the field of sea level change forecasting.
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