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ANALYSIS AND PROCESSING OF LONG SEQUENCE AND MASSIVE TEMPERATURE
AND SALINITY DATA OF THE NORTH YELLOW SEA FROM 2010 TO 2019

CHEN Xiao"®, LIU Chang-Hua?, LIU Zhi-Liang"? ~WANG Xu?, WANG Chun-Xiao?, JIA Si-Yang’

(1. Research Center of Marine Science, Hebei Normal University of Science & Technology, Qinhuangdao 066004, China; 2. Institute of
Oceanology, Chinese Academy of Sciences, Qingdao 266071, China; 3. Hebei Key Laboratory of Ocean Dynamics, Resources and
Environments, Qinhuangdao 066004, China)

Abstract

application of the data. Five sets of buoys in the Yellow Sea located in the waters near Changhai County, North Yellow Sea

Ensuring the integrity and reliability of long-term continuous buoy data is the primary issue for the

deployed by the Chinese Academy of Sciences Offshore Observation and Research Network were used. Data analysis and
processing methods of the sea surface temperature and salt data collected by the buoys for 10 years from 2010 to 2019 were
studied. To identify the abnormal values in the original temperature and salinity data, the extreme value method, the Laida
criterion, and the box plot method were compared to find the best one to treat abnormal data. In the 20 principle with the
box diagram method, the boundary values were adjusted. In addition, to address the data missing, interpolation combining
the Softlmpute and IterativeImpute was proposed, by which the standard deviations of the data could be effectively reduced.
Results show that the methods are effective and can be used to eliminate anomalies and imputation defects, correct
abnormal points, smooth out data curve, and highlight significant interannual variations and trends in the study sea area.
This study provided a reference for enhancing marine observation data for future research.
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